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J. Anton, T. Saar. Three-Dimensional Cell Counting based on Two Dimensional Cross-Section Images // Electronics and 
Electrical Engineering. – Kaunas: Technologija, 2011. – No. 6(112). – P. 89–94. 

This paper presents an automated method for effective quantitative measurement of cells in different Arabidopsis root tips. The plant 
reaction to the nitric oxide needs to be measured, therefore the root cell proliferation has to be calculated. Cross section images of these 
root tips are the input of the application implemented. It consists of a two parts methods which are presented here: 1) A combination of 
several image processing algorithms is proposed in order to overcome images defects (burry, overlapping) and correctly detect the cell 
distribution. 2) Using the information from the processed images, a three-dimensional tracking process over all frames is accomplished 
in order to calculate the total number of cells in each root tip. Practical simulations and experimental results are presented to show the 
performance and efficiency of this method for cell tracking. Ill. 6, bibl. 5 (in English; abstracts in English and Lithuanian). 
 
 
J. Anton, T. Saar. Trimačių ląstelių apskaičiavimas taikant dvimačių vaizdų skersinius pjūvius // Elektronika ir elektrotechnika. 
– Kaunas: Technologija, 2011. – Nr. 6(112). – P. 89–94. 

Pristatomas automatizuotas kiekybinis ląstelių matavimo metodas. Būtina įvertinti šaknies ląstelių proliferaciją tiriant azoto oksido 
įtaką augalams. Pasiūlytas algoritmas, gebantis apdoroti keletą vaizdų ir taip padedantis išvengti defektų. Pateikti modeliavimo ir 
eksperimentiniai rezultatai. Il. 6, bibl. 5 (anglų kalba; santraukos anglų ir lietuvių k.). 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 




